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Thai Amulet Coin Classification System on Android Application
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Abstract

This research presents the development of a Thai amulet
coin recognition application system on the Android operating
system designed to enable users to accurately identify and
understand the details of different types of Thai amulet coin.
The system employs image processing techniques utilizing the
Scale Invariant Feature Transform (SIFT) algorithm in
conjunction with K-Nearest Neighbors (KNN) classification for
Thai amulet coin type categorization. The system was evaluated
using 5 types of Buddhist coins across three experimental
scenarios. Testing with plain background images achieved 92%
classification accuracy, while complex patterned backgrounds
resulted in reduced accuracy of 77%, demonstrating that
background  complexity  significantly  impacts  system
performance. Real-time camera functionality testing achieved
88% accuracy at a 4-centimeter distance. The experimental
results confirm that the developed system provides practical

usability for real-world applications in Thai amulet coin
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identification and educational purposes, with performance

varying based on environmental conditions.

Keywords: Thai amulet coin, Image processing, K-nearest

Neighbors, SIFT, Android application
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